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The Comparison on Applications of GARCH and SV Models
——Taking Shanghai Composite Index as An Example

GU Feng—juan
(Zhejiang Wanli University, Ningbo Zhejiang 315100)

Abstract: This paper chooses the daily trading data of Shanghai Composite Index from 2007/2/27 to 2008/
5/14 as the object of research, and picks the data of the sub—period from 2007/2/27 to 2008/2/27 as
the in—sample data, and others as out—sample data to be examined. By comparing the out—-sample forecasting
ability of different models, we concluded that the SV models are better than GARCH models as a whole
in describing the Shanghai Stock market.  First we used the new method of MCMC to examine the
parameters of SV model with the data in—sample in the condition of WINBUGS, and then forecasted the
conditional variance of SCI out of sample. Finally, we used the ability index of out—sample forecasting to evaluate
the fitting effect and forecasting ability of different models, and found that the SV models ware better
than GARCH models in describing the Shanghai Stock market as a whole.

Key words: SV model; MCMC method; out-sample forecasting



